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Modular structure: number of layers and processors elements, arrangement of
processor units, size and number of templates can be adjusted.
Bit widths of state-, constant- and template values are configurable.
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Accuracy of solution at different bit widths (in case of OFFBrisk-Linear channel type) compared

Additional details: Zs. Voroshazi, Z. Nagy, P. Szolgay "FPGA-Based Real Time, Multi- to the results of neurobiological measurements. The simple test input is a commonly used
channel Emulated-Digital Retina Model Implementation”, Hindawi, EURASIP Journal flashed square stimulus. The time runs horizontally while space is on the vertical axes. The
on Advances in Signal Processing, Vol. 2009, Issue: CNN Technology for examined time period is 2 seconds, the flashing white stimulus is “turned-on” for 1 second.

Spatiotemporal Signal Processing, doi:10.1155/2009/749838
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